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Abstract 

Background  Organophosphate esters (OPEs) are widely used as an alternative to the brominated flame retardant 
polybrominated diphenyl ethers. The effects of OPEs on the cognitive abilities of older adults remain unclear.

Methods  A cross-sectional study was conducted using data from the National Health and Nutrition Examination Sur-
vey 2011–2014. Cognitive function was assessed using the Consortium to Establish a Registry for Alzheimer’s Disease 
(CERAD) word learning test, the CERAD word recall test, the Animal Fluency Test (AFT), and the Digit Symbol Substi-
tution Test (DSST). OPE metabolites with detection rates above 50% were included in the study. Weighted multiple 
linear regression, weighted quantile sum (WQS) regression, and Bayesian kernel machine regression (BKMR) models 
were used to examine the effects of individual and mixed exposures to OPE metabolites on cognitive function.

Results  A total of 762 older adults were included. The weighted linear regression model revealed a positive asso-
ciation between Ln DPHP, Ln BDCPP, and Ln BCPP and the DSST score, while a negative association was observed 
between Ln DBUP and the DSST score. In the positive WQS model, the index was correlated with DSST score (β = 2.65, 
95% CI: 0.40 ~ 4.90, P = 0.02), with DPHP having the highest weight. The results of BKMR analysis indicated a borderline 
statistical significance in the increase of DSST score when the mixture of OPEs is set to a specific 90th percentile com-
pared to all mixture concentrations set to the median.

Conclusions  Overall exposure to OPE metabolites are associated with improved cognitive function in older adults 
in the United States. Further prospective studies with large sample sizes are needed to confirm these results.
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Introduction
Global aging is a serious social issue. In the United States, 
the number of people aged over 65 is expected to reach 
83.7 million in 2050, which is almost double the 43.1 
million in 2012 and accounts for about a quarter of the 
total population [1]. The health and quality of life of older 
individuals have become critical challenges. As individu-
als age, their brains undergo structural and functional 
changes, leading to cognitive decline, such as reduced 
thinking, memory, reasoning, and behavioral skills [2, 3]. 
If cognitive decline is left unchecked, it can progress to 
pathological mild cognitive impairment and dementia 
[4]. According to the National Center for Health Statis-
tics, more than six million Americans may have dementia 
caused by Alzheimer’s disease, with the majority being 
over the age of 65 [5]. The progression from cognitive 
decline to Alzheimer’s disease is a continuous process, 
and there is currently no cure. So, it is important to pre-
vent cognitive decline as early as possible [6]. Modifiable 
factors such as diet and chronic disease can contribute to 
low cognitive performance, while recent studies have also 
reported the association between environmental analogs 
and cognitive function [7–10].

Organophosphate esters (OPEs) are a class of alkyl or 
aryl chemicals containing phosphoric acid. With the pre-
vious generation of brominated flame retardants, poly-
brominated diphenyl ethers, being restricted in several 
countries due to their neurotoxicity, reproductive toxic-
ity, and other health hazards, OPEs were widely added as 
a substitute in building materials, furniture, textiles, elec-
tronic products. It is also commonly used as a plasticizer 
in personal care products and food packaging [11, 12]. 
OPEs have been consistently produced for over a dec-
ade [13], resulting in the widespread detection of OPEs 
and their metabolites in human urine and blood samples 
[14, 15]. Although it was once thought to have a faster 
metabolic rate than brominated flame retardants and less 
environmental persistence, recent studies have clearly 
shown that it also has remote migration and can accumu-
late in the human body and cause health hazards, such 
as neurotoxicity [14]. One animal study has reported 
that exposure to tris(2-chloroethyl) phosphate at doses 
of 50–250  mg/kg for 60  days led to decreased spatial 
learning and memory ability, as well as apoptosis of hip-
pocampal cells in female rats [16]. In addition, other 
studies have also demonstrated that exposure to OPEs 
can induce changes in neuronal differentiation, migra-
tion, and neurotransmitter levels in zebrafish [17, 18].

Most OPEs are easily metabolized into dialkyl or dia-
ryl groups and various hydroxylated products upon 
entering the body. Therefore, urinary OPE metabolites 
are often used as non-invasive biomarkers to identify 
and quantify exposure to OPEs in humans [19, 20]. The 

number of epidemiological studies on OPE metabolites 
and cognitive performance is limited, with a focus on 
the developmental neurotoxicity of OPEs. As a result, 
these studies have been conducted on pregnant women 
or children, rather than the older adults [21–23]. It is still 
unknown whether the neurotoxicity of OPEs reported in 
experimental studies can be validated in the older adult 
population.

In this study, we utilized data from the National Health 
and Nutrition Examination Study (NHANES) 2011–2014 
to investigate the urinary OPE metabolites in an older 
adult population and their association with cognitive per-
formance. To obtain a more comprehensive understand-
ing of the health effects of OPEs, we employed multiple 
statistical methods to assess the effects of individual and 
combined exposures to OPE metabolites on cognitive 
function.

Methods
Study population
NHANES is a nationally representative cross-sectional 
survey designed to assess the health and nutritional sta-
tus of Americans. It collects demographic characteristics, 
anthropometric data, dietary supplements, laboratory 
tests, and questionnaire information. The survey employs 
a multi-stage sampling design and includes approxi-
mately 5,000 individuals per cycle. Participation is vol-
untary, and all procedures are approved by the NCHS 
Research Ethics Committee with written informed con-
sent from participants.

The data used in this study were obtained from the 
NHANES 2011–2014 cycle because both cognitive func-
tion assessments and OPE metabolites measurements 
were conducted during this period. Specific inclusion 
criteria were as follows: (1) adults aged 60  years and 
above; (2) subjects provided urine samples and had their 
OPE metabolites measured; (3) cognitive function was 
assessed; (4) no missing data for covariates of demo-
graphic characteristics, body mass index (BMI), and life-
style behaviors. A total of 3131 older adults aged 60 years 
and over had complete cognitive function test data. Of 
these, 2188 and 181 older adults were excluded due to 
missing data on urine OPE metabolites or covariates, 
respectively. Eventually, 762 subjects were included in 
this study (Fig. S1).

Cognitive function assessment
The cognitive assessment was conducted through a home 
interview or at the Mobile Examination Center using four 
tests: the Consortium to Establish a Registry for Alzhei-
mer’s Disease (CERAD) word learning test, the CERAD 
word recall test, the Animal Fluency Test (AFT), and the 
Digit Symbol Substitution Test (DSST).
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The CERAD word learning test and CERAD word 
recall test are designed to assess the immediate and 
delayed learning of new verbal information. The CERAD 
word learning test was administered three times, with 
the order of words changing each time. Participants were 
asked to read aloud ten unrelated words and then recall 
as many words as possible. The score was the total num-
ber of words recalled over the three tests (0–30 points). 
The CERAD recall test was administered after the other 
two cognitive tests (AFT and DSST) were completed 
(approximately 8–10  min from the start of the CERAD 
word learning trials), and the score was the total number 
of words recalled (0–10 points). AFT is an integral part 
of the executive function that evaluates language fluency. 
Participants were asked to name as many animals as pos-
sible within one minute, and the total number of accurate 
names was counted as points. The DSST is a test module 
of the Wexler Adult Intelligence Scale that assesses sus-
tained attention, processing speed, and working memory. 
It was conducted using a paper form with nine numbers 
paired with symbols at the top of the form. Participants 
had two minutes to copy the corresponding symbols in 
133 boxes adjacent to the numbers. The total number of 
correct matches was the score. Higher scores in all four 
tests indicate better cognitive function.

Laboratory test of OPEs
Urine specimens were collected and cryopreserved 
until subsequent laboratory analysis. The OPE metab-
olites tested included: diphenyl phosphate (DPHP), 
bis(1,3-dichloro-2-propyl) phosphate) (BDCPP), bis(1-
chloro-2-propyl) phosphate (BCPP), bis(2-chloroethyl) 
phosphate (BCEP), dibutyl phosphate (DBUP), dibenzyl 
phosphate (DBZP), and 2,3,4. 5-tetrabromobenzoic acid 
(TBBA). Laboratory assays were performed using enzy-
matic hydrolysis of urine conjugates, automated off-line 
solid phase extraction, reversed-phase high performance 
liquid chromatography separation, and isotope dilution-
electrospray ionization tandem mass spectrometry. 
Simultaneous runs of high and low concentration qual-
ity control materials and reagent blanks were performed 
to ensure the accuracy and reliability of the data. Stand-
ard statistical probability rules were used to assess the 
levels of OPE metabolites in urine samples. Metabolites 
with a detection rate of over 50% were selected for sub-
sequent statistical analysis. Urine values of OPE metabo-
lites below the limit of detection (LOD) were replaced by 
the detection limit/√2. The experimental procedures are 
described in the NHANES laboratory data [24, 25].

Covariates
To account for potential confounders, we included sev-
eral covariates in our analysis based on previous studies 

[26, 27]. These factors included gender(male, and female), 
age group(60–69, 70–79, and ≥ 80 years), race (Mexican–
American, other Hispanic, non-Hispanic White, non-
Hispanic Black, non-Hispanic Asian, and other race), 
education level (less than high school, high school gradu-
ate or GED or equivalent, and some college or above), 
marital status (married or living with partner, widowed 
or divorced or separated, and never married), BMI group 
(< 18.5, 18.5-, 25-, and ≥ 30  kg/m2), household income 
poverty ratio (PIR) group (< 1, 1-, and ≥ 3), alcohol 
drinker (yes, and  no), physical activity level(sedentary, 
low, moderate and high), Mediterranean diet (MeDi) 
score(< 3.5, 3.5-, and ≥ 4.5), history of cardiovascular 
disease(yes, and no), history of diabetes (yes, no,  and 
borderline), depression status(yes, and no), cotinine 
level (< LOD, and > LOD), and urine creatinine. Alcohol 
consumption status was assessed using the survey ques-
tion, “Had at least 12 alcohol drinks/1  yr?” Participants 
who responded “yes” were classified as alcohol drink-
ers. Moderate to vigorous leisure time physical activity 
is coded as metabolic equivalent of task (MET) minutes 
per week by multiplying the duration of the activities by 
the intensity-specific MET scores. It was then classified 
into four levels according to the 2018 national physical 
activity guidelines: sedentary (no regular physical activ-
ity), low (insufficient regular activity, < 500 MET minutes/
week), moderate (500–1000 MET minutes/week), and 
high (> 1000 MET minutes/week) [28, 29]. The MeDi 
score reflected adherence to the traditional Mediter-
ranean diet and was calculated based on 9 food compo-
nents, using sex-specific energy-adjusted intake medians 
as cut-off values. The total MeDi score ranges from 0 to 9, 
with higher scores indicating greater adherence [29]. The 
MeDi score was analyzed as a categorical variable accord-
ing to tertiles. Cardiovascular disease history was deter-
mined if participants self-reported having been informed 
by a physician with conditions such as congestive heart 
failure, coronary heart disease, angina pectoris, heart 
attack, stroke, hypertension, or high cholesterol levels 
[26]. Depression was identified using the Patient Health 
Questionnaire, a nine-item screening tool that assesses 
the frequency of depressive symptoms over the past two 
weeks, with a total score range of 0 to 27. Depression was 
defined as a score of ≥ 10 [26].

Statistical analyses
The R survey package was used for weight analyses of 
the complex, multistage sampling design of NHANES. 
The missing values for depression status and MEDi 
scores accounted for 0.26% and 9.18% respectively, and 
multiple imputation was used to handle these miss-
ing values. An analysis of variance (ANOVA) or t-tests 
was used to examine differences in cognitive function 
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scores between groups. Since the concentration of 
each OPE metabolite was skewed, the natural loga-
rithm transformation was applied to the concentration 
of each metabolite for subsequent analyses. Weighted 
linear regression models were employed to assess the 
association between urinary OPE metabolite concen-
trations and scores on the four cognitive function tests. 
Model 1 was a univariate linear regression model with-
out correction for any covariates. Model 2 was adjusted 
for gender and age group. Model 3 further adjusted for 
other covariates, including race, marital status, educa-
tion level, PIR group, alcohol drinker, physical activity 
level, MeDi score, history of cardiovascular disease, 
history of diabetes, depression status, cotinine level, 
and creatinine. Additionally, this study utilized restric-
tive cubic curves (RCS) to fit the association between 
OPE metabolite concentrations and the four cognitive 
function scores.

To gain a deeper understanding of the relationship 
between cognitive function and combined exposure to 
OPE metabolites, both weighted quantile sum (WQS) 
regression and Bayesian kernel machine regression 
(BKMR) models were used in this study.

WQS regression is a common statistical method that 
offers a high degree of flexibility in assessing the over-
all impact of environmental mixtures. It allows for the 
presence of collinearity and combines the advantages of 
dimensionality reduction and variable selection tech-
niques to identify the main chemical substances con-
tributing to the association by calculating a predictive 
index weighted by the correlation with the outcome. 
The following are the functions of the WQS regression 
model:

β0 and β1 are the intercept, and regression coeffi-
cients of the WQS index, respectively. z′ represents 
the covariate vector, and φ represents the covariate 
regression coefficient vector. wi  is the weight of the ith 
component, which takes values in the range 0–1. qi is 
the different quantiles, representing the changes in the 
respective variables. g(μ) is the link function. A linear 
link is assumed for the OPE metabolite concentrations 
and cognitive function. 40% and 60% of the data were 
randomly assigned to the training and validation sets, 
respectively. The WQS regression contains both posi-
tive and negative models. The positive model assumes 
that the components of the WQS index are all positively 

g(µ) = β0 + β1WQS + z′ϕ

WQS =
c
i=0wιqi

correlated with cognitive functioning. While the nega-
tive model assumes that the components of the WQS 
index are all negatively related to cognitive function.

The BKMR model is also a common statistical approach 
that combines Bayesian and machine learning methods 
to perform iterative regression on the exposure–response 
function. The following are its basic functions:

Yi is the health response of individual i (i = 1,…, n). h() 
is the constructed exposure response function, includ-
ing nonlinear/component interactions. Z is the vector 
of multiple exposure variables, and Zim is the mth envi-
ronmental exposure. €i is an independent residual that 
is assumed to follow a ~ N(0, σ2) normal distribution. xi 
and β refer to potential confounders and the correspond-
ing coefficients. The BKMR model for this study was fit-
ted by running a Markov chain Monte Carlo sampler for 
20,000 iterations. The overall effect of mixed OPE metab-
olite exposures on the four cognitive function scores was 
analyzed by fixing all OPE metabolite concentrations at 
a specific percentile compared to when all OPE metabo-
lite concentrations were fixed at the 50th percentile. The 
effect of each single OPE metabolite on cognitive func-
tion was analyzed when fixing the other OPE metabolite 
concentrations at the 50th percentile. In addition, the 
interaction effect of each pair of OPE metabolites was 
recorded when the other metals were fixed at a specific 
quartile.

All analyses were performed using R software (version 
4.1.0). The significance level for the two-sided statistic 
was set at 0.05.

Results
Participant characteristics
The study included 762 older participants, of whom 371 
(48.7%) were male and 391 (51.3%) were female. The 
highest percentage of participants were in the 60–69 age 
group (53.4%), and the largest racial group was non-His-
panic White (49.6%). The majority of participants were 
married or living with a partner (58.7%), and over 70% 
had a high school education or higher. A total of 617 par-
ticipants (81.0%) had a history of cardiovascular disease, 
174 (22.8%) had a history of diabetes, and 79 (10.4%) 
were in a state of depression. The study subjects had an 
average MeDi score of 3.74 ± 1.02 points. A total of 150 
participants (40.4%) had a high level of physical activ-
ity. The basic characteristics of the study participants are 
detailed presented in Table S1.

The average scores for the CERAD word learning 
test, CERAD word recall test, AFT, and DSST were 
19.02 ± 4.55, 6.0 ± 2.25, 16.78 ± 5.51, and 46.43 ± 17.45, 

Yi = h(zi1, . . . , zim)+ xi
′β+ ∈ i
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respectively. Statistically significant differences were 
found between groups for the four cognitive function test 
scores across age group, race, education level, PIR group, 
history of cardiovascular disease, history of diabetes, 
and depression status (P < 0.05). The male participants 
had significantly higher scores in CERAD word learning, 
CERAD word recall, and DSST than the female partici-
pants (P < 0.05). Differences in DSST score were also sta-
tistically significant across marital status and MeDi score 
groups (P < 0.05). Additionally, there were statistically sig-
nificant differences in AFT and DSST scores among par-
ticipants with varying alcohol consumption statuses and 
levels of physical activity (P < 0.05). Further details are 
provided in Table 1.

Urinary OPE metabolite concentrations
Table  2 displays the urinary levels of seven metabolites 
of OPEs. Among these, DPHP, BDCPP, BCPP, BCEP, and 
DBUP had a detection rate of over 50% and were there-
fore included in subsequent analyses. DPHP had the 
highest detection rate and median concentration (86.4% 
and 0.64 μg/L), followed by BDCPP (86% and 0.52 μg/L). 
Fig. S2 presents the correlations between the five OPE 
metabolites and cognitive function scores. The strong-
est correlation was observed between Ln BDCPP and Ln 
BCEP (r = 0.48), followed by the correlation between Ln 
BDCPP and Ln DPHP (r = 0.45). Among these metabo-
lites, Ln DPUP exhibited the strongest correlation with 
cognitive function scores (r = 0.09).

Association of OPE metabolites with cognitive function 
revealed by linear regression model
The results of the weighted linear regression model for 
the relationship between the five OPE metabolites in 
urine and cognitive function are shown in Table 3. In the 
univariate linear regression model (Model 1), Ln DPHP 
were marginally positively associated with CERAD word 
learning score (β = 0.23, 95% CI: −0.01 ~ 0.48) and DSST 
score (β = 0.91, 95% CI: 0.00 ~ 1.82), respectively. After 
adjusting for age group and gender (Model 2), these 
associations were weakened. After further adjusting for 
race, education level, marital status, PIR group, alcohol 
drinker, physical activity level, MeDi score, history of car-
diovascular disease, history of diabetes, depression status, 
cotinine level, and urine creatinine (Model 3), the results 
indicated that the DSST score increased as the concen-
trations of Ln DPHP, Ln BDCPP, and Ln BCPP increased 
(β = 0.86, 95% CI: 0.07 ~ 1.64; β = 0.87, 95% CI: 0.14 ~ 1.61; 
β = 1.40, 95% CI: 0.49 ~ 2.32, respectively). However, 
there was a negative association between Ln DBUP and 
the DSST score, with each unit increase in Ln DBUP cor-
responding to an average decrease of 1.40 points in the 
DSST score (β = −1.40, 95% CI: −2.41 ~ −0.39). The RCS 

analysis indicated that Ln DPHP (Pnon-linearity = 0.05), Ln 
BDCPP (Pnon-linearity = 0.09), Ln DBUP (Pnon-linearity = 0.05) 
and Ln BCPP (Pnon-linearity = 0.10) exhibited linear associa-
tions with DSST score (Fig. 1).

Association of OPE metabolites with cognitive function 
revealed by WQS regression model
Table  4 presents the relationship between mixed expo-
sure to OPE metabolites and the four cognitive func-
tion test scores using the WQS regression model. After 
adjusting for all covariates, there was no significant asso-
ciation between OPE metabolites and cognitive function 
in the negative model (P > 0.05). However, assuming that 
all beta coefficients were positive, a significant associa-
tion was observed between the WQS index and DSST 
score (β = 2.65, 95% CI: 0.40 ~ 4.90, P = 0.02). Among the 
OPE metabolites, DPHP had the greatest weight on the 
DSST score (weight index = 0.41), followed by BDCPP 
(weight index = 0.29). None of the other metabolites 
exceeded the cut-off indicating significant weight (1/
number of metabolites). The estimated weights for OPE 
metabolites in the positive WQS regression model are 
depicted in Fig. 2.

Association of OPE metabolites with cognitive function 
revealed by BKMR model
Figure  3 illustrates the overall effect of mixed exposure 
to OPE metabolites on the four cognitive function test 
scores. Setting mixture levels at a specific 90th percentile 
indicated a marginal statistical difference in the change in 
DSST score compared to when all mixture concentrations 
were set at the median, suggesting an increase in DSST 
score as the mixture was exposed at high concentrations 
(Fig. 3D). Although the overall effect on the other three 
cognitive function test scores was not statistically signifi-
cant when all five OPE metabolites were above their 50th 
percentile, there was still a significant increasing trend 
(Fig.  3 A-C). Figure  4 displays the univariate exposure–
response functions and 95% confidence intervals for 
each metabolite in relation to cognitive function scores, 
with the other four OPE metabolites fixed at the median. 
When DBUP was at a low concentration, the CERAD 
word learning score and CERAD word recall score 
showed a decreasing and then increasing trend as its 
concentration increased, while the AFT score and DSST 
score showed different trends of increasing and decreas-
ing, respectively. Ln-DPHP, Ln-BDCPP, and Ln-BCPP all 
exhibited a positive association with DSST score at low 
exposure concentrations. When the other OPE metabo-
lite concentrations were fixed at the 25th percentile, 50th 
percentile, or 75th percentile, no significant change in the 
cognitive function score was observed for single metabo-
lite exposure levels at the 75th percentile compared with 
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Table 1  Association of cognitive functioning scores with basic demographic characteristics

Characters CERAD word learning 
score

CERAD word recall 
score

AFT score DSST score

x ± s P x ± s P x ± s P x ± s P

Gender  < 0.001  < 0.001 0.71  < 0.001
  Male 18.21 ± 4.55 5.59 ± 2.23 16.86 ± 5.64 43.98 ± 16.39

  Female 19.79 ± 4.43 6.40 ± 2.21 16.71 ± 5.39 48.75 ± 18.11

Age group (years)  < 0.001  < 0.001  < 0.001  < 0.001
  60–69 20.09 ± 4.31 6.58 ± 2.06 17.72 ± 5.81 50.81 ± 17.50

  70–79 18.23 ± 4.42 5.66 ± 2.24 16.17 ± 5.30 42.91 ± 16.69

  ≥ 80 17.09 ± 4.62 4.93 ± 2.26 14.93 ± 4.20 38.97 ± 14.52

Race  < 0.001  < 0.001  < 0.001  < 0.001
  Mexican American 19.30 ± 4.47 6.24 ± 2.06 18.18 ± 5.88 44.01 ± 17.16

  Other Hispanic 16.68 ± 4.39 4.95 ± 1.99 14.43 ± 4.54 34.07 ± 16.49

  Non-Hispanic White 19.47 ± 4.47 6.10 ± 2.28 18.10 ± 5.35 51.06 ± 16.55

  Non-Hispanic Black 18.65 ± 4.44 5.76 ± 2.29 14.91 ± 5.28 39.84 ± 15.21

  Non-Hispanic Asian 19.92 ± 5.08 7.08 ± 2.03 14.75 ± 4.99 52.05 ± 17.85

  Other Race 18.43 ± 2.59 5.79 ± 1.72 18.43 ± 5.24 50.14 ± 10.82

Marital status 0.17 0.01 0.05 0.02
  Married/ living with partner 19.25 ± 4.51 6.15 ± 2.23 17.16 ± 5.67 47.81 ± 16.81

  Widowed/divorced/separated 18.61 ± 4.64 5.77 ± 2.34 16.14 ± 5.21 44.11 ± 18.37

  Never married 19.29 ± 4.37 5.95 ± 1.88 16.93 ± 5.51 46.83 ± 16.73

Education level  < 0.001  < 0.001  < 0.001  < 0.001
  Less than high school 16.73 ± 4.58 5.19 ± 2.16 13.98 ± 4.62 31.01 ± 14.76

  High school graduate/GED/equivalent 19.01 ± 4.53 5.91 ± 2.34 15.93 ± 4.86 44.47 ± 15.05

  Some college or above 19.95 ± 4.23 6.37 ± 2.17 18.28 ± 5.56 53.42 ± 14.99

BMI group (kg/m2) 0.49 0.22 0.31 0.18

  < 18.5 17.47 ± 5.68 5.33 ± 2.50 14.80 ± 5.96 37.20 ± 16.23

  18.5- 19.27 ± 4.59 6.16 ± 2.28 16.47 ± 5.74 45.79 ± 18.57

  25- 18.92 ± 4.61 5.83 ± 2.23 16.76 ± 5.39 47.11 ± 17.34

  ≥ 30.0 19.03 ± 4.42 6.10 ± 2.23 17.12 ± 5.44 46.70 ± 16.75

PIR group  < 0.001  < 0.001  < 0.001  < 0.001
  <1 17.74 ± 4.79 5.71 ± 2.25 15.13 ± 6.15 36.71 ± 17.28

  1- 18.59 ± 4.57 5.74 ± 2.26 16.08 ± 4.89 43.32 ± 16.47

  ≥ 3 20.04 ± 4.23 6.42 ± 2.19 18.25 ± 5.60 53.90 ± 15.56

Alcohol drinker 0.85 0.88 0.009 0.03
  Yes 19.04 ± 4.39 5.99 ± 2.21 17.12 ± 5.70 47.30 ± 17.34

  No 18.97 ± 4.91 6.02 ± 2.36 15.98 ± 4.96 44.36 ± 17.55

Physical activity level 0.13 0.08  < 0.001  < 0.001
  Sedentary 18.71 ± 4.90 5.79 ± 2.41 15.53 ± 5.28 41.18 ± 17.13

  Low 18.96 ± 4.51 5.95 ± 2.39 16.86 ± 5.12 48.74 ± 15.72

  Moderate 19.98 ± 4.11 6.47 ± 1.98 17.56 ± 4.97 48.41 ± 16.64

  High 18.99 ± 4.36 6.06 ± 2.10 17.67 ± 5.92 49.58 ± 17.84

MeDi score 0.04 0.12 0.21  < 0.001
  < 3 18.89 ± 4.65 5.85 ± 2.29 16.43 ± 5.10 44.82 ± 17.02

  3- 18.65 ± 4.48 5.94 ± 2.36 16.69 ± 5.92 44.69 ± 17.33

  ≥ 4.5 19.67 ± 4.48 6.26 ± 2.05 17.31 ± 5.40 50.60 ± 17.47

History of cardiovascular disease 0.004 0.003 0.001  < 0.001
  Yes 18.79 ± 4.64 5.88 ± 2.28 16.43 ± 5.26 44.91 ± 17.35

  No 20.00 ± 4.07 6.51 ± 2.06 18.29 ± 6.27 52.87 ± 16.42

History of diabetes 0.001 0.001 0.002  < 0.001
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the 25th percentile (not shown in the figure). This study 
further examined bivariate exposure–response relation-
ships. Each OPE metabolite exhibited similar slopes at 
different levels of the other metabolites, suggesting no 
interactions between the metabolites (not shown in the 
figure).

Discussion
As a novel environmental pollutant, the potential health 
effects of OPEs on humans have received significant 
attention. However, whether exposure levels in the real 
environment impact the cognitive abilities of popula-
tions remains unknown. Population-based epidemio-
logical studies in this field are scarce, particularly in the 
older adults, which are burdened with increasing social 
demands. To our knowledge, this is the first study to 
investigate the effects of OPE exposures on cognitive 
function in older adults. Interestingly, this study found 
that certain OPE metabolites were associated with 
increased cognitive function scores in older adults.

Only one study [30] conducted in northern China 
has investigated the concentrations of OPE metabolites 

in the older adults, which reported detection rates of 
79% for DPHP, 76% for BDCPP, 20% for BCEP, and 
28% for BCPP in the urine of 76 healthy residents aged 
60–69 years. In contrast, our study had higher detection 
rates for OPE metabolites (> 80% for DPHP, BDCPP, and 
BCEP and > 50% for BCPP). OPEs can be categorized into 
three structural types: chlorinated, alkyl, and aryl OPEs, 
with BCEP and BCPP being metabolites of chlorinated 
OPEs. Research has indicated that chlorinated OPEs are 
predominant in the environmental media of the Great 
Lakes region in the United States, while aryl OPEs are 
more common in northern China [31, 32]. These dif-
ferences in primary OPE exposure types may explain 
the variations in detection rates. Another recent study 
[33] reported median urinary concentrations of DPHP, 
BDCPP, and DCEP in Chinese adolescent population 
of 0.22  μg/L, 0.19  μg/L, and 0.27  μg/L, respectively, all 
of which were lower than the median concentrations in 
our study (0.64  μg/L, 0.52  μg/L, and 0.36  μg/L, respec-
tively). It is worth noting that the samples from these two 
studies were collected approximately three years later 
than our study but with lower levels of OPE exposures. 

PIR household income poverty ratio, LOD limit of detection

Table 1  (continued)

Characters CERAD word learning 
score

CERAD word recall 
score

AFT score DSST score

x ± s P x ± s P x ± s P x ± s P

  Yes 17.95 ± 4.50 5.47 ± 2.26 15.48 ± 5.38 39.32 ± 16.80

  No 19.40 ± 4.54 6.19 ± 2.21 17.20 ± 5.51 48.63 ± 17.13

  Borderline 18.24 ± 4.22 5.70 ± 2.57 16.58 ± 5.20 46.76 ± 16.57

Depression status 0.002 0.423 0.001  < 0.001
  Yes 17.51 ± 4.67 5.81 ± 2.22 14.85 ± 5.65 37.39 ± 17.48

  No 19.20 ± 4.51 6.02 ± 2.26 17.00 ± 5.46 47.47 ± 17.15

Cotinine level 0.10 0.09 0.001 <0.001
  <LOD 19.37 ± 4.60 6.18 ± 2.23 17.63 ± 5.42 49.48 ± 16.90

  >LOD 18.81 ± 4.52 5.89 ± 2.27 16.25 ± 5.51 44.51 ± 17.52

Table 2  Concentration of urinary OPEs metabolites among study participants

GM geometric mean, ND below detection limit

OPEs metabolites 
(ug/L)

Detection rate GM Percentiles

P5 P25 P50 P75 P95

DPHP 86.4% 0.60 ND 0.26 0.64 1.26 5.04

BDCPP 86.0% 0.51 ND 0.19 0.52 1.18 4.66

BCPP 50.8% 0.15 ND ND 0.10 0.28 0.99

BCEP 82.8% 0.37 ND 0.13 0.36 0.87 3.11

DBUP 63.5% 0.16 ND ND 0.16 0.32 0.64

DBZP 0.03% 0.04 ND ND ND ND ND

TBBA 0.05% 0.04 ND ND ND ND ND
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A study assessing temporal trends in exposure levels of 
OPE metabolites in the US population found a signifi-
cant increase in BDCPP in urine samples between 2002 
and 2015, with concentrations in 2015 being as much as 
16 times higher than in 2002, reflecting increasing expo-
sure to OPEs in the Americans [34]. This may be attrib-
uted to the large volume of OPEs placed on the United 
States market during that period. Production of TCPP, 
TDCPP, and TCEP (parent compounds of BCPP, BDCPP, 
and BCEP) in the US has been reported to have increased 
from < 14,000 metric tons per year in the mid-1980s to 
approximately 38,000 metric tons per year in 2012 [35]. 
Current research on the effects of OPEs on cognitive 

function is limited to pediatric populations, and the 
findings are inconsistent. A cohort study conducted in 
the United States found that for each log unit increase 
in BDCPP, BCEP, and DPHP in urine, there was a 1 to 2 
point decrease in full-scale IQ among socioeconomically 
disadvantaged children [22]. Another study observed that 
for every tenfold increase in maternal urine DPHP, chil-
dren’s working memory function decreased by a mean 
of 3.9 points (95% CI: −7.3 ~ −0.5) at age 7  years [21]. 
However, other studies did not observe a negative effect 
of these five metabolites on children’s cognitive perfor-
mance [23, 36]. Even one of these studies found a positive 
association between maternal urine BCEP concentrations 

Table 3  Associations between OPE metabolites and cognitive function in NHANES,2011–2014

Model 1: unadjusted for any confounding factors. Model2: adjusted for age group and gender. Mode3: adjusted for age group, gender, race, marital status, education 
level, PIR group, alcohol drinker, physical activity level, MeDi score, history of cardiovascular disease, history of diabetes, depression status, cotinine level, and 
creatinine; *:P < 0.05

OPE metabolites 
(ug/L)

CERAD word learning 
score

CERAD word recall score AFT score DSST score

β(95%CI) P β(95%CI) P β(95%CI) P β(95%CI) P

Ln DPHP Model1 0.23(−0.01 ~ 0.48) 0.06 0.03(−0.10 ~ 0.15) 0.66 0.18(−0.14 ~ 0.50) 0.27 0.91 (0.00 ~ 1.82) 0.05

Model2 0.18 (−0.05 ~ 0.41) 0.12 0.00 (−0.12 ~ 0.11) 0.98 0.12(−0.19 ~ 0.42) 0.45 0.18 (−0.05 ~ 0.41) 0.12

Model3 0.24(−0.03 ~ 0.50) 0.08 −0.02 (−0.15 ~ 0.13) 0.81 0.14 (−0.19 ~ 0.47) 0.41 0.86 (0.07 ~ 1.64) 0.032*
Ln BDCPP Model1 −0.09(−0.32 ~ 0.14) 0.44 0.00 (−0.12 ~ 0.11) 0.99 −0.19(−0.48 ~ 0.11) 0.21 0.27(−0.58 ~ 1.11) 0.54

Model2 −0.06 (−0.28 ~ 0.15) 0.57 0.02 (−0.09 ~ 0.12) 0.76 −0.25 (−0.53 ~ 0.03) 0.09 −0.06 (−0.28 ~ 0.15) 0.57

Model3 −0.14 (−0.39 ~ 0.11) 0.27 0.01 (−0.12 ~ 0.13) 0.93 −0.27 (−0.58 ~ 0.04) 0.09 0.87 (0.14 ~ 1.61) 0.021*
Ln BCEP Model1 −0.19(−0.45 ~ 0.07) 0.16 −0.10(−0.23 ~ 0.04) 0.16 −0.11(−0.45 ~ 0.22) 0.51 −0.89(−1.86 ~ 0.08) 0.07

Model2 −0.09 (−0.34 ~ 0.15) 0.46 −0.04 (−0.16 ~ 0.08) 0.53 −0.09 (−0.41 ~ 0.24) 0.61 −0.09 (−0.34 ~ 0.15) 0.46

Model3 −0.06(−0.33 ~ 0.20) 0.65 −0.01 (−0.15 ~ 0.12) 0.87 0.08(−0.26 ~ 0.41) 0.65 −0.03 (−0.82 ~ 0.75) 0.93

Ln DBUP Model1 0.04(−0.29 ~ 0.37) 0.79 0.01(−0.15 ~ 0.18) 0.88 0.27(−0.16 ~ 0.70) 0.22 −1.18(−2.40 ~ 0.05) 0.06

Model2 0.16 (−0.15 ~ 0.47) 0.31 0.08 (−0.07 ~ 0.24) 0.30 0.29 (−0.12 ~ 0.70) 0.17 0.16 (−0.15 ~ 0.47) 0.31

Model3 0.14(−0.21 ~ 0.48) 0.43 0.08 (−0.10 ~ 0.25) 0.38 0.31(−0.12 ~ 0.74) 0.16 −1.40 (−2.41 ~ −0.39) 0.007*
Ln BCPP Model1 0.08(−0.23 ~ 0.39) 0.62 −0.05(−0.21 ~ 0.11) 0.53 −0.10(−0.51 ~ 0.31) 0.63 0.72(−0.45 ~ 1.88) 0.23

Model2 0.28 (−0.02 ~ 0.58) 0.07 0.06 (−0.09 ~ 0.21) 0.42 −0.05 (−0.44 ~ 0.34) 0.81 0.28 (−0.02 ~ 0.58) 0.07

Model3 0.24 (−0.07 ~ 0.55) 0.13 0.05(−0.11 ~ 0.21) 0.56 −0.14 (−0.53 ~ 0.25) 0.49 1.40 (0.49 ~ 2.32) 0.003*

Fig. 1  The association between OPE metabolite concentrations and DSST scores by utilized restrictive cubic curves. A for DPHP; B for BDCPP; C 
for DBUP; D for BCPP
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and children’s cognitive abilities at age 8 years, with each 
log unit increase in BCEP being associated with an aver-
age increase of 0.81 points in children’s cognitive scores. 
All of these studies are limited by their small sample 
sizes, whereas our study has the largest sample size. In 
this study, both the BKMR and WQS results suggest that 
the overall effect of mixed exposure to OPE metabolites 
has no negative impact on human cognitive function.

Organophosphates used as insecticides are potent 
inhibitors of acetylcholinesterase (AChE) and can cause 
the excessive accumulation of acetylcholine in the body, 
leading to neurological disorders. OPEs, which have a 
similar structure to organophosphorus pesticides, have 
been found to significantly inhibit AChE when organ-
isms are exposed to them [37, 38]. However, most studies 
have used OPE exposure doses that are much higher than 
environmental exposure concentrations. In 2019, the 
UK Committee on Toxicity of Chemicals in Food, Con-
sumer Products and the Environment concluded in its 
review that organophosphate flame retardants are weak 
inhibitors of AChE at most and are also unlikely to cause 
neurotoxicity at human exposure levels through other 
mechanisms of action, such as the inhibition of gamma-
aminobutyric acid [39].

In this study, DPHP and BDCPP were found to be the 
metabolites that had the greatest influence on the DSST 
score. TPHP, which is often added to electronic devices 
and nail polish, is the parent chemical of DPHP and can 
activate PPARγ [40]. PPARγ agonists have the poten-
tial to modulate various signalling molecules/pathways, 
including matrix metalloproteinase-9, mitochondrial 
uncoupling protein 2, mitoNEET expression, and Wnt 
signalling. They can also reduce oxidative stress, inflam-
mation, and apoptosis in the central nervous system, with 
neuroprotective potential in the treatment of Alzheimer’s 
disease, Parkinson’s disease, and cerebral ischemia [41]. 

The above may be the potential reason for the positive 
association of DPHP on cognitive function. The posi-
tive effect of BDCPP on cognitive function may involve 
modulation by sex hormones. Both estrogens and andro-
gens can affect cognitive function in the brain either 
directly through amyloid toxicity and oxidative stress or 
indirectly through other endocrine systems [42]. An ani-
mal experiment found that dihydrotestosterone (DHT), 
17β-estradiol, and Pueraria mirifica herb extract (PME) 
exerted neuroprotective effects on cognitive impair-
ment in androgen-deficient male rats, with the strength 
of recovery from synaptic degeneration in the rat hip-
pocampus being E2 ≥ PME > DHT [43]. One study, also 
based on NHANES data, found a positive association 
between urinary BDCPP exposure levels and estradiol in 
adult males [44].

The results of the weighted linear regression model 
found a negative association between Ln DBUP and 
DSST scores. At the same time, the results of the BKMR 
model showed a complex relationship between DBUP 
and cognitive function. As the concentration of Ln DBUP 
increased, scores on the CERAD word learning test and 
CERAD word recall test initially decreased and then 
increased. When Ln DBUP reached a certain threshold, 
its association with cognitive function was no longer sta-
tistically significant. DBUP has both beneficial and det-
rimental effects on population health. On the one hand, 
DBUP exposure is negatively associated with the preva-
lence of central obesity [45]. On the other hand, it is posi-
tively associated with sleep disorders [46]. Obesity can 
lead to diabetes, hypertension, dyslipidemia, and further 
cardiovascular disease, increasing the risk of cognitive 
impairment [47]. Sleep disorders are a risk factor for poor 
physical and mental health, which can also impair cogni-
tive performance [48]. At present, research on the effects 
of DBUP on the nervous system is very limited, especially 
in population-based epidemiological studies. The results 
of this study suggest the complexity of the relationship 
between low-dose environmental DBUP exposure and 
cognitive function, which requires further investigation 
in the future.

A recent study, based on an exogenous exposure 
assessment method, concluded that dietary intake was 
the predominant route of OPE intake in the elderly popu-
lation [49]. OPEs primarily enter the human diet through 
two pathways. First, crops, livestock, and aquatic prod-
ucts can absorb OPEs from contaminated soil and water. 
Second, food may become contaminated with OPEs dur-
ing production, industrial processing, and storage [50]. 
In Belgium, fats and oils, as well as grains, have been 
reported as the most severely contaminated food cat-
egories, while in Sweden, processed foods are the pri-
mary sources of OPE contamination [51, 52]. A review 

Table 4  Association between WQS index and cognitive function

Model adjusted for age group, gender, race, marital status, education level, 
PIR group, alcohol drinker, physical activity level, MeDi score, history of 
cardiovascular disease, history of diabetes, depression status, cotinine level, and 
creatinine; *:P < 0.05

Cognitive function β 95% CI P

CERAD word learning 
score

Positive model 0.45 −0.11 ~ 1.01 0.12

Negative model 0.53 −0.17 ~ 1.23 0.14

CERAD word recall score Positive model 0.24 −0.07 ~ 0.81 0.13

Negative model 0.14 −0.19 ~ 0.81 0.43

AFT score Positive model 0.74 −0.25 ~ 1.74 0.14

Negative model 0.71 −0.19 ~ 1.61 0.12

DSST score Positive model 2.65 0.40 ~ 4.90 0.02*
Negative model 1.58 −0.34 ~ 3.48 0.10
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summarized the concentrations and distribution of 30 
OPEs in various food samples globally, finding that the 
concentrations of OPEs in meat and fish products in the 
United States were higher than those in other countries 
[50]. In food collected from local markets in Albany, 
New York, the median concentrations of∑OPEs (the sum 
of 15 OPEs) were higher in meat (6.76 ng/g wet weight) 

and fish/seafood (7.11  ng/g wet weight), exceeding the 
exposure levels observed in other types of food [53]. Indi-
viduals who consumed meat once a week or more had 
a reduced risk of developing cognitive impairment [54]. 
Fish, which contains long-chain n-3 polyunsaturated 
fatty acids, may also have a protective effect on cogni-
tive function in the older adults. For example, a Japanese 

Fig. 2  Index weights of each OPE metabolite in the positive WQS regression model. A CERAD word learning score; B CERAD word recall score; 
C AFT score; D DSST score. Model adjusted for age group, gender, race, marital status, education level, PIR group, alcohol consumption status, 
history of hypertension, history of diabetes, history of stroke, cotinine level, and creatinine
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cohort study showed a negative association between 
fish intake and dementia [55]. This suggests that dietary 
patterns may partially explain the beneficial effects of 
OPEs on cognitive function. This study calculated the 
MeDi score and found that participants in the highest 
MeDi score group had higher levels of cognitive func-
tion. After adjusting for MeDi score as a covariate, some 

OPE metabolites still showed a positive association with 
cognitive function. However, conducting a comprehen-
sive and detailed assessment of dietary patterns involves 
certain complexities, and the MeDi score is not the only 
indicator for evaluating these patterns. Therefore, future 
research should further investigate the dietary sources of 
OPE exposure among older adults in the United States, as 

Fig. 3  The overall effect of OPE metabolites on the cognitive function. A CERAD word learning score; B CERAD word recall score; C AFT score; 
D DSST score. Model adjusted for age group, gender, race, marital status, education level, PIR group, alcohol consumption status, history 
of hypertension, history of diabetes, history of stroke, cotinine level, and creatinine
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well as the specific impacts of dietary habits on the rela-
tionship between OPEs and cognitive function.

The primary strength of this study is the utilization of 
three statistical methods to explore the potential effects 
of individual and mixed exposure to OPE metabolites 
on cognitive function in older adults. It is the first 
epidemiological study in older adults with a moder-
ate sample size, and the findings contribute to a better 

understanding of the health effects of OPEs. However, 
there are some limitations to this study. The cross-
sectional design of this study makes it challenging to 
establish the causal temporal phase between exposure 
factors and outcomes. Therefore, our findings need to 
be confirmed by subsequent prospective studies with 
large sample sizes. Additionally, the urine collected in 
this study was spot urine only, not the “gold standard” 

Fig. 4  Univariate exposure–response functions and 95% credible bands for each OPE metabolite with the other metabolites fixed at their medians. 
A The relationship between OPE metabolites and CERAD word learning score; B The relationship between OPE metabolites and CERAD word recall 
score; C The relationship between OPE metabolites and AFT score; D The relationship between OPE metabolites and DSST score. Model adjusted 
for age group, gender, race, marital status, education level, PIR group, alcohol consumption status, history of hypertension, history of diabetes, 
history of stroke, cotinine level, and creatinine
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24-h urine, and it is challenging to determine how con-
sistent spot urine is with 24-h urine. This study inves-
tigated the health effects of OPEs through the urinary 
metabolites, without data on their parent compounds. 
Furthermore, this study did not provide a detailed 
analysis of the specific sources of OPE exposure. OPE 
exposure may arise from various pathways, including 
diet and consumer products (such as furniture, elec-
tronics, and plastic products containing flame retard-
ants). This study was unable to clearly distinguish the 
contributions of different sources to the levels of OPE 
metabolites. Given that diet may be an important route 
of OPE intake, the evaluation of dietary patterns in this 
study relied solely on the MeDi score, which may not 
be comprehensive enough and could limit a thorough 
understanding of the relationship between OPE expo-
sure and its health effects. Finally, this study may have 
unknown confounding factors that were not adjusted 
for, and future research with larger sample sizes and 
more comprehensive adjustment for confounding fac-
tors is needed to validate our findings.

Conclusions
This study explored the association between cognitive 
function and exposure levels of OPE metabolites among 
individuals aged over 60 years in the United States. The 
results indicated that, in the context of mixed exposure, 
overall exposure to OPEs did not have a significant neg-
ative impact on cognitive function, while the exposure 
levels of certain metabolites, such as DPHP, BDCPP, 
and BCPP, may be positively associated with cognitive 
function. Given the widespread exposure to OPEs, pro-
spective studies are needed to confirm our findings and 
gain a deeper understanding of the effects of low-dose 
OPE exposures on neurological function.

Supplementary Information
The online version contains supplementary material available at https://​doi.​
org/​10.​1186/​s12877-​025-​05841-9.

Supplementary Material 1.

Acknowledgements
Thanks for the support of Ms. Fu Rong; thanks for the love and spiritual sup-
port of Ms. Ge Zhiyu, Mr. Zhang Xianlong, Ms. Wang Zhaolan, and the little 
angel Li Wanjin.

Authors’ contributions
RL and QZ provided the research ideas.BJ and YL analyzed the data. BJ, RL and 
TW wrote the main manuscript text. MX, WW and QZ prepared the figures. ZH 
and BJ improved the writing quality. All authors reviewed the manuscript.

Funding
This work was supported by Fujian Natural Science Foundation Program [No. 
2021J01730] and Scientific Research Program of High-level Talents of Fujian 
Medical University [No. XRCZX2020038].

Data availability
The datasets used and/or analyzed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The NHANES protocol was reviewed and approved by the NCHS Research 
Ethics Committee. All participants provided written informed consent prior to 
participation.

Consent to publication
Not applicable.

Competing interests
The authors declare no competing interests.

Author details
1 Department of Epidemiology and Health Statistics, School of Public Health, 
Fujian Medical University, Fuzhou, Fujian 350122, China. 2 Laboratory Center, 
School of Public Health, The Major Subject of Environment and Health 
of Fujian Key Universities, Fujian Medical University, Fuzhou 350122, China. 

Received: 10 April 2024   Accepted: 5 March 2025

References
	1.	 Ortman JM, Velkoff VA, Hogan H. An aging nation: The older population 

in the United States. In: Current population reports 2014. 2014; Avail-
able at http://​www.​census.​gov/​prod/​2014p​ubs/​p25-​1140.​pdf.

	2.	 Goodyer IM, Grant PE, Groenewold NA, Gunning FM, Gur RE, Gur RC, 
et al. Brain charts for the human lifespan. Nature. 2022;604:525–33.

	3.	 Sacco K, Ronga I, Perna P, Cicerale A, Del Fante E, Sarasso P, et al. A 
Virtual Navigation Training Promotes the Remapping of Space in 
Allocentric Coordinates: Evidence From Behavioral and Neuroimaging 
Data. Front Hum Neurosci. 2022;16:693968.

	4.	 Chan KY, Wang W, Wu JJ, Liu L, Theodoratou E, Car J, et al. Epidemiology 
of Alzheimer’s disease and other forms of dementia in China, 1990–
2010: a systematic review and analysis. Lancet. 2013;381:2016–23.

	5.	 National Institute on Aging. Alzheimer’s Disease Fact Sheet. 2023; 
Available from: https://​www.​nia.​nih.​gov/​health/​alzhe​imers-​disea​
se-​fact-​sheet.

	6.	 Li S, Sun W, Zhang D. Association of Zinc, Iron, Copper, and Selenium 
Intakes with Low Cognitive Performance in Older Adults: A Cross-
Sectional Study from National Health and Nutrition Examination Survey 
(NHANES). J Alzheimers Dis. 2019;72:1145–57.

	7.	 Livingston G, Huntley J, Sommerlad A, Ames D, Ballard C, Banerjee S, et al. 
Dementia prevention, intervention, and care: 2020 report of the Lancet 
Commission. Lancet. 2020;396:413–46.

	8.	 Weng X, Tan Y, Fei Q, Yao H, Fu Y, Wu X, et al. Association between mixed 
exposure of phthalates and cognitive function among the U.S. elderly 
from NHANES 2011–2014: Three statistical models. Sci Total Environ. 
2022;828:154362.

	9.	 Sasaki N, Carpenter DO. Associations between Metal Exposures and Cog-
nitive Function in American Older Adults. Int J Environ Res Public Health. 
2022;19:2327.

	10.	 Wang M, Zhou XA, Curl C, Fitzpatrick A, Vedal S, Kaufman J. Long-term 
exposure to ambient air pollution and cognitive function in older US 
adults: The Multi-Ethnic Study of Atherosclerosis. Environ Epidemiol. 
2023;7:e242.

	11.	 Van der Veen I, de Boer J. Phosphorus flame retardants: Properties, pro-
duction, environmental occurrence, toxicity and analysis. Chemosphere. 
2012;88:1119–53.

	12.	 Liu LY, He K, Hites RA, Salamova A. Hair and nails as noninvasive biomark-
ers of human exposure to brominated and organophosphate flame 
retardants. Environ Sci Technol. 2016;50:3065–73.

https://doi.org/10.1186/s12877-025-05841-9
https://doi.org/10.1186/s12877-025-05841-9
http://www.census.gov/prod/2014pubs/p25-1140.pdf
https://www.nia.nih.gov/health/alzheimers-disease-fact-sheet
https://www.nia.nih.gov/health/alzheimers-disease-fact-sheet


Page 14 of 15Jiang et al. BMC Geriatrics          (2025) 25:188 

	13.	 Zhang Q, Wang Y, Zhang C, Yao Y, Wang L, Sun H. A review of organo-
phosphate esters in soil: Implications for the potential source, transfer, 
and transformation mechanism. Environ Res. 2022;204:112122.

	14.	 Patisaul HB, Behl M, Birnbaum LS, Blum A, Diamond ML, Rojello Fernán-
dez S, et al. Beyond cholinesterase inhibition: developmental neurotoxic-
ity of organophosphate ester flame retardants and plasticizers. Environ 
Health Perspect. 2021;129:105001.

	15.	 Guo Y, Liang C, Zeng MX, Wei GL, Zeng LX, Liu LY, et al. An overview 
of organophosphate esters and their metabolites in humans: Ana-
lytical methods, occurrence, and biomonitoring. Sci Total Environ. 
2022;848:157669.

	16.	 Yang W, Zhao F, Fang Y, Li L, Li C, Ta N. 1 H-nuclear magnetic resonance 
metabolomics revealing the intrinsic relationships between neurochemi-
cal alterations and neurobehavioral and neuropathological abnormali-
ties in rats exposed to tris(2-chloroethyl)phosphate. Chemosphere. 
2018;200:649–59.

	17.	 Noyes PD, Haggard DE, Gonnerman GD, Tanguay RL. Advanced morpho-
logical - behavioral test platform reveals neurodevelopmental defects in 
embryonic zebrafish exposed to comprehensive suite of halogenated 
and organophosphate flame retardants. Toxicol Sci. 2015;145:177–95.

	18.	 Fu J, Han J, Zhou B, Gong Z, Santos EM, Huo X, et al. Toxicogenomic 
responses of zebrafish embryos/larvae to tris(1,3-dichloro-2-propyl) phos-
phate (TDCPP) reveal possible molecular mechanisms of developmental 
toxicity. Environ Sci Technol. 2013;47:10574–82.

	19.	 Saillenfait AM, Ndaw S, Robert A, Sabate JP. Recent biomonitoring 
reports on phosphate ester flame retardants: a short review. Arch Toxicol. 
2018;92:2749–78.

	20.	 Van den Eede N, Maho W, Erratico C, Neels H, Covaci A. First insights in 
the metabolism of phosphate flame retardants and plasticizers using 
human liver fractions. Toxicol Lett. 2013;223:9–15.

	21.	 Castorina R, Bradman A, Stapleton HM, Butt C, Avery D, Harley KG, et al. 
Current-use flame retardants: Maternal exposure and neurodevelopment 
in children of the CHAMACOS cohort. Chemosphere. 2017;189:574–80.

	22.	 Percy Z, Chen A, Yang W, Braun JM, Lanphear B, Ospina M, et al. Child-
hood urinary organophosphate esters and cognitive abilities in a longitu-
dinal cohort study. Environ Res. 2022;215:114265.

	23.	 Doherty BT, Hoffman K, Keil AP, Engel SM, Stapleton HM, Goldman BD, 
et al. Prenatal exposure to organophosphate esters and cognitive devel-
opment in young children in the Pregnancy, Infection, and Nutrition 
Study. Environ Res. 2019;169:33–40.

	24.	 NHANES, laboratory data. 2012; Available from: https://​wwwn.​cdc.​gov/​
Nchs/​Nhanes/​2011-​2012/​SSFR_G.​htm.

	25.	 NHANES, laboratory data. 2014; Available from: https://​wwwn.​cdc.​gov/​
Nchs/​Nhanes/​2013-​2014/​SSFLRT_​H.​htm.

	26.	 R Cardoso B, Machado P, Steele EM. Association between ultra-processed 
food consumption and cognitive performance in US older adults: a 
cross-sectional analysis of the NHANES 2011–2014. Eur J Nutr. 2022; 
61:3975–85.

	27.	 Guo X, Wu B, Xia W, Gao J, Xie P, Feng L, et al. Association of organo-
phosphate ester exposure with cardiovascular disease among US adults: 
Cross-sectional findings from the 2011–2018 National Health and Nutri-
tion Examination Survey. Chemosphere. 2022;308:136428.

	28.	 U.S. Department of Health and Human Services. Physical Activity 
Guidelines for Americans. 2nd ed. U.S. Department of Health and Human 
Services.2018

	29.	 Thomas A, Belsky DW, Gu Y. Healthy Lifestyle Behaviors and Biological 
Aging in the U.S. National Health and Nutrition Examination Surveys 
1999–2018. J Gerontol A Biol Sci Med Sci. 2023;78:1535–42.

	30.	 Ding E, Deng F, Fang J, Li T, Hou M, Liu J, et al. Association between 
Organophosphate Ester Exposure and Insulin Resistance with Gly-
cometabolic Disorders among Older Chinese Adults 60–69 Years of 
Age: Evidence from the China BAPE Study. Environ Health Perspect. 
2023;131:47009.

	31.	 Fu J, Fu K, Chen Y, Li X, Ye T, Gao K, et al. Long-Range Transport, Trophic 
Transfer, and Ecological Risks of Organophosphate Esters in Remote 
Areas. Environ Sci Technol. 2021;55:10192–209.

	32.	 Zhao JL, Lu HJ, Lü JP, Yang JT, Luo Y, Cao M, et al. Pollution Level and Risk 
Assessment of OPEs in Typical River Basins of China. Huan Jing Ke Xue. 
2023;44:6700–9.

	33.	 Yu M, Li X, Liu B, Li Y, Liu L, Wang L, et al. Organophosphate esters in 
children and adolescents in Liuzhou city, China: concentrations, exposure 
assessment, and predictors. Environ Sci Pollut Res Int. 2022;29:39310–22.

	34.	 Hoffman K, Butt CM, Webster TF, Preston EV, Hammel SC, Makey C, et al. 
Temporal Trends in Exposure to Organophosphate Flame Retardants in 
the United States. Environ Sci Technol Lett. 2017;4:112–8.

	35.	 Schreder ED, Uding N, La Guardia MJ. Inhalation a significant exposure 
route for chlorinated organophosphate flame retardants. Chemosphere. 
2016;150:499–504.

	36.	 Percy Z, Vuong AM, Xu Y, Xie C, Ospina M, Calafat AM, et al. Prenatal expo-
sure to a mixture of organophosphate esters and intelligence among 
8-year-old children of the HOME Study. Neurotoxicology. 2021;87:149–55.

	37.	 Yuan L, Li J, Zha J, Wang Z. Targeting neurotrophic factors and their recep-
tors, but not cholinesterase or neurotransmitter, in the neurotoxicity of 
TDCPP in Chinese rare minnow adults (Gobiocypris rarus). Environ Pollut. 
2016;208:670–7.

	38.	 Lehner AF, Samsing F, Rumbeiha WK. Organophosphate ester 
flame retardant-induced acute intoxications in dogs. J Med Toxicol. 
2010;6:448–58.

	39.	 COT (Committee on Toxicity of Chemicals in Food, Consumer Products 
and the Environment). Statement on phosphate-based flame retardants 
and the potential for neurodevelopmental toxicity. 2019; https://​cot.​food.​
gov.​uk/​sites/​defau​lt/​files/​2020–09/​cotph​ospha​tebas​edfla​meret​ardan​
tsdev​elopm​ent.​pdf.

	40.	 Hu W, Gao F, Zhang H, Hiromori Y, Arakawa S, Nagase H, et al. Activation 
of Peroxisome Proliferator-Activated Receptor Gamma and Disruption of 
Progesterone Synthesis of 2-Ethylhexyl Diphenyl Phosphate in Human 
Placental Choriocarcinoma Cells: Comparison with Triphenyl Phosphate. 
Environ Sci Technol. 2017;51:4061–8.

	41.	 Kaundal RK, Sharma SS. Peroxisome proliferator-activated receptor 
gamma agonists as neuroprotective agents. Drug News Perspect. 
2010;23:241–56.

	42.	 Hogervorst E. Effects of gonadal hormones on cognitive behaviour in 
elderly men and women. J Neuroendocrinol. 2013;25:1182–95.

	43.	 Fainanta T, Jaroenporn S, Wititsuwankul P, Malaivijitnond S. Comparison of 
neuroprotective effects of dihydrotestosterone, 17β-estradiol, and Puer-
aria mirifica herb extract on cognitive impairment in androgen deficient 
male rats. Horm Behav. 2022;143:105198.

	44.	 Chen Z, Qiu S, Zhang C, Zhan Y, Liu L, Bao Y, et al. Association of urinary 
organophosphate esters level with sex steroid hormones levels in 
adult males: A nationwide study, NHANES 2013–2014. Andrology. 
2022;10:567–75.

	45.	 Luo K, Zhang R, Aimuzi R, Wang Y, Nian M, Zhang J. Exposure to 
Organophosphate esters and metabolic syndrome in adults. Environ Int. 
2020;143:105941.

	46.	 Kang X, Li J, Luo J, Zhang D. Associations between organophos-
phate esters metabolites and sleep disorder and trouble sleeping 
in adults: a machine-learning approach. Environ Sci Pollut Res Int. 
2022;29:67287–300.

	47.	 Mina T, Yew YW, Ng HK, Sadhu N, Wansaicheong G, Dalan R, et al. Adipos-
ity impacts cognitive function in Asian populations: an epidemiologi-
cal and Mendelian Randomization study. Lancet Reg Health West Pac. 
2023;33:100710.

	48.	 Nemoto Y, Sato S, Kitabatake Y, Nakamura M, Takeda N, Maruo K, et al. 
Bidirectional relationship between insomnia and frailty in older adults: A 
2-year longitudinal study. Arch Gerontol Geriatr. 2021;97:104519.

	49.	 Lao JY, Ruan Y, Leung KMY, Zeng EY, Lam PKS. Review on age-specific 
exposure to organophosphate esters: Multiple exposure pathways and 
microenvironments. Crit Rev Environ Sci Technol. 2023;7:803–26.

	50.	 Li J, Zhao L, Letcher RJ, Zhang Y, Jian K, Zhang J, et al. A review on organo-
phosphate Ester (OPE) flame retardants and plasticizers in foodstuffs: Lev-
els, distribution, human dietary exposure, and future directions. Environ 
Int. 2019;127:35–51.

	51.	 Poma G, Malysheva SV, Goscinny S, Malarvannan G, Voorspoels S, Covaci 
A, et al. Occurrence of selected halogenated flame retardants in Belgian 
foodstuff. Chemosphere. 2018;194:256–65.

	52.	 Poma G, Glynn A, Malarvannan G, Covaci A, Darnerud PO. Dietary intake 
of phosphorus flame retardants (PFRs) using Swedish food market basket 
estimations. Food Chem Toxicol. 2017;100:1–7.

https://wwwn.cdc.gov/Nchs/Nhanes/2011-2012/SSFR_G.htm
https://wwwn.cdc.gov/Nchs/Nhanes/2011-2012/SSFR_G.htm
https://wwwn.cdc.gov/Nchs/Nhanes/2013-2014/SSFLRT_H.htm
https://wwwn.cdc.gov/Nchs/Nhanes/2013-2014/SSFLRT_H.htm
https://cot.food.gov.uk/sites/default/files/2020–09/cotphosphatebasedflameretardantsdevelopment.pdf
https://cot.food.gov.uk/sites/default/files/2020–09/cotphosphatebasedflameretardantsdevelopment.pdf
https://cot.food.gov.uk/sites/default/files/2020–09/cotphosphatebasedflameretardantsdevelopment.pdf


Page 15 of 15Jiang et al. BMC Geriatrics          (2025) 25:188 	

	53.	 Wang Y, Kannan K. Concentrations and Dietary Exposure to Organophos-
phate Esters in Foodstuffs from Albany, New York. United States J Agric 
Food Chem. 2018;66:13525–32.

	54.	 Zhang H, Hardie L, Bawajeeh AO, Cade J. Meat Consumption, Cognitive 
Function and Disorders: A Systematic Review with Narrative Synthesis 
and Meta-Analysis. Nutrients. 2020;12:1528.

	55.	 Tsurumaki N, Zhang S, Tomata Y, Abe S, Sugawara Y, Matsuyama S, et al. 
Fish consumption and risk of incident dementia in elderly Japanese: the 
Ohsaki cohort 2006 study. Br J Nutr. 2019;122:1182–91.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Association between exposure to organophosphate esters and cognitive function in older adults in the United States: NHANES 2011–2014
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Introduction
	Methods
	Study population
	Cognitive function assessment
	Laboratory test of OPEs
	Covariates
	Statistical analyses

	Results
	Participant characteristics
	Urinary OPE metabolite concentrations
	Association of OPE metabolites with cognitive function revealed by linear regression model
	Association of OPE metabolites with cognitive function revealed by WQS regression model
	Association of OPE metabolites with cognitive function revealed by BKMR model

	Discussion
	Conclusions
	Acknowledgements
	References


